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ABSTRACT:

World Wide Web contains the unstructured
data. so we have nearly organize a semi-structured
data mining , still we have a many difficult on the
semi-structured data mining because of many types
and formats of data coming to the database such as
like a movies , raw-data and graphics , etc.., The
problem of semi- structured is indexing and storage
mechanism. So in this paper we are dealing with a
indexing and storage mechanism which will improve
the efficiency of information retrieval of semantic
web.
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I. INTRODUCTION

Database management systems (DBMS) are
increasingly being called upon to manage semi-
structureddata: data with an unstructured or dynamic
organization. An example application for such data is
a business-to-business product catalog, where data
from multiple suppliers must be integrated so that
buyers can query it. Semi-structured data is often
represented as a graph, with a set of data elements
connected by labeled relationships, and this self-
describing relationship structure takes the place of a
schema in traditional, structured database systems.
Evaluating queries over semi-structured data involves
navigating paths through this relationship structure,
examining both the data elements and the self-
describing element names along the paths[1].

By quick development progress of network
and storage technologies, a huge amount of electronic
data such as Web pages and XML data has been
available on intra and internet. These electronic data
are heterogeneous collection of ill-structured data
that have no rigid structure, and are often called
semi-structured data .Structured data is one that can
be neatly modeled, organized, and formatted into
ways that are easy for us to manipulate and manage.
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The most frequent examples include databases,
spreadsheets, fixed-format files, log files, etc.
Unstructured data incorporates the mass of
information that does not fit easily into a set of
database tables. The most recognizable form of
unstructured data is text in documents, such as
articles, slide presentation or message components of
e-mails. Semi-structured data refers to set of data in
which there is some implicit structure that is
generally followed, but note enough of a regular
structure to qualify for the kinds of management and
automation usually applied to structured data.
Examples include the World Wide Web,
bioinformatics databases and data ware housing.
Unlike unstructured raw data such as image and
sound, semi-structured data has some structure:
objects share(parts of) their structure [2].

So this novel involved change the unstructured
or semi- structured into structure format. So we can
easily do a retrieval operations and semantic web
searching a data into large database. That is process
of the novel paper and we can resolve problem for
indexing and storing mechanism.

Building a database system accommodates semi
structured data has required us to rethink nearly every
aspect of database management.

The web is rich with information. However the
data contained in the web is not well organized which
makes obtaining useful information from the web [1]
a difficult task.

Knowledge can be represented in many different
ways such as clusters, decision trees, decision rules,
etc., among the others, association rules [2] proved
effective in discovering interesting relations in
massive amounts of relational data. The recent years
have seen the dramatic development of the extensible
Markup Language (XML) [3].

Extensible Markup Language was developed as
a standard to represent semi structured data. With
developments like xyleme [4, 5] which is a huge
warehouse integrating XML data from the web. To
data mining XML documents requires mapping the
data to be relational data model and using techniques

ISSN: 2348-8549

www.internationaljournalssrg.org

Page 17




SSRG International Journal of Electronics and Communication Engineering (SSRG-1JECE) — volume 1 Issue 1-Feb 2014

designed for relational databases to do the mining.
The XMINE operator has been introduced by Braga
etal for extracting association rules from XML
documents, where mapping the XML data to
relational database is required before mining is
preformed.

Il PROPOSED METHODOLOGY

A. Algorithm

e Get the server side Semi structured
database.

e Apply Apriorialgorithm to find frequent
data Items.

e Apply Association Rule to fetch the exact
data

e To remove the redundancy data to frequent
data Items.

e  Apply Quick sort into the error free data

e Apply Binary search to predict the location

e Convert that into XML format for data
travelling

e Dispatch the XML data through the
interfaces

e Convert that XML data into appropriate
code for Front End

B.Work flow diagram
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D. An example Database

Tid Items

{cold, coughs, fever}

{ cold, coughs, fever, blood pressure}

{ headache, blood pressure}

{cancer, cold, coughs, fever}

{cold, coughs, fever}
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{cancer, headache, cold, coughs}
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When people affect cold and coughs, may also
affect fever in 66% of the cases and 80% of the
transaction with cold and coughs also contain fever.
Such a rule can represented as

“cold and coughsafever | support =0.66 ”’

The pattern of discovering all association rules
can be decomposed into two subprograms.

1. Find all sets of items (item sets) that have
transaction support above minimum support. The
support for an item set is the number of transactions
that contain the item set Item sets with minimum
support are large item sets and all others small item
sets.

2. Use the large item sets to generate the desired
rules. For every large item set L, find all non-empty
subsets of L For every such subset a, output a rule of
the form aa(L-a) if the ratio of support(L)to
support(a) is at least min conf.

The performance of mining association rules is
mainly dependent on the large item sets discovery
process. Therefore, it is important to have an efficient
algorithm for large item sets discovery.

In order to find frequent item sets (Patterns), the
apriori algorithm, which is the more efficient and
basic algorithm for finding frequent item sets , is
used.

Algorithms for discovery large item sets make
multiple passes over the data. In the first pass, we
count the support of individual items and determine
which of them are large, i.e. have minimum support
.In each subsequent pass, we start with a seed set of
item sets found to be large in the previous pass. we
use this seed set for generating new potentially large
item sets called candidate item sets and count the
actual support for these candidate item sets during the
pass over the data. At the end of the pass, we
determine which of the candidate item sets are
actually large, and they become the seed for the next
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pass. This process continues until no new large item
sets are found.

Apriori is an influential algorithm for mining
frequent item sets for association rules. The name of
the algorithm is based on the fact that the algorithms
uses prior knowledge of frequent item set properties.
Apriori employs an iterative approach known as a
level wise search, where K item sets are used to
explore (K+1) item sets. First the set of frequent 1
item sets is found. This set is denoted as L1.L1 is
used to find L2,the set of frequent 2 item sets, which
is used to find L3 and so on, until no more frequent K
item sets can be

found. The finding of each Lyone full scans of
the database.

D.operations
Table-1

Candidate set
{headache,coughs, blood pressure}
{cold, coughs, fever}
{headache, cold, coughs, fever}
{cold, fever}

Candidate(C1) Support | L1
{headache} 0.5 Y
{cold} 0.75 Y
{coughs} 0.75 Y
{blood pressure} 0.25 N
{fever} 0.75 Y
able-
2 Frequent-1litem set
Candidate(C2) Support | L2
{headache, cold} 0.25 N
{headache,coughs} 0.5 Y
{headache, fever} 0.25 N
{ cold, coughs} 0.5 Y
{ cold, fever} 0.75 Y
{ coughs, fever} 0.5 Y

Table-3 Frequent -2 item set
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Table-4 Frequent —3item set

Candidate(C4) Support | L4
{cold,coughs,fever} 0.5 Y
Candidate(C3) Support | L3

{ headache , coughs , cold } 0.25
{headache,cold,coughs,fever} 0.25
{ headache, cold, fever } 0.25
{ cold, coughs, fever} 0.5

<zZ2Z2Zz2

Table-5Frequent —4item set

The data base was scanned 4 times to find the
frequent item sets of at all search levels with different
combinations of candidate item as mentioned in the
algorithm. The candidate for which the support is not
satisfactory i.e. support < 49% are considered to be
infrequent and they have been removed from the next
iteration candidate list.

Unique frequent data table

Tid Items
1 {cold,coughs,fever}
2 {coughs,fever }
3 {headache,coughs}
4 {fever}
5 {cancer}
6 {blood pressure}
E. Xml code

<transactions>
<transaction id="1">
<items>
<item>cold</item>
<item>coughs</item>

<item>fever</item>
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<[items> 1 {blood pressure}

</transaction>

<transaction id="2"> 2 {cold,coughs,fever}

<items> 3 | {coughs,fever }
<item>coughs</item>

<item>fever</item> 4 | {cancer}
</items>

5 {headache,coughs}
</transaction>

<transaction id="3"> 6 {fever}

<items>

<item>headache</item> o . . .
They are six Tid so we have divided into ceil(n/2)

<item>coughs</item> and check a Tid. if the condition satisfy that means a

</items> value of given data is compare to n/2 data so which
) one is satisfy than we can make decision to travel a

</transaction> path then it should done a recursive operation.

<transaction id="4">

<items> G.Binary search on table

<item>fever</item> Table-1

</items> 1 {blood pressure}

</transaction> 2 {cold,coughs,fever}

<transaction id="5"> 3 {coughs,fever }

<items>

<item>cancer</item> There are 6Tid is divided by 2.s0 they have a two

</items> parts each consists of 3 Tid and we have to check the
) condition for two parts and which one is satisfy. They

</transaction> will travel and do the next iteration.

<transaction id="6">

<items> Table-2

<item>blood pressure</item> 2 {cold,coughs,fever}

</items>

</transaction> 'Fmally have’:, reach cold in just 2 steps, using a
binary search.

</transactions>
F.Sort the database using quick sorting H.COLD

algorithm. The cold contains the self-description and
that related to the “coughs, fever” table. Then a
coughs, fever table contains the self-description and
We semantic search keyword is “cold”. that related to the”cold, coughs, fever” table. Then a
cold, coughs, fever table contains the self-description
and that related to the “headache, coughs” table. So
we can extract the knowledge fully from the database
and achieved an efficient way.
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Cold, Coughs,
Cold coughs, headache
fever
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Features:

e Access a data quickly and database table
have a related to another table.

e And it show an all related to the searching
keyword and access other related data
Items.

111 Conclusion & Future Work

In this paper, we have proposed a novel approach to
find semantically similar Web services for a user
request using binary search. Results clearly show that
the accuracy of Web service discovery has improved
and the proposed method outperforms traditional
keyword based methods to find most relevant Web
services. The approach which is based on an
innovative concept of dimensionality reduction by
binning & merging has been evaluated thoroughly.
Performing semantic analysis by using the proposed
sorted will help to find semantically similar Web
services by exploring the hidden meaning of the
query terms. This approach will increase the accuracy
of discovering semantically similar Web services to
fulfill the requirement of the user. In future, we plan
to extend this approach to link semantically similar
Web services so that a Web service which can
partially fulfill what a user is looking for can be
linked with another Web service so as to achieve the

overall objective of the user and thus increasing the
overall accuracy of Web service discovery.
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